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Abstract 

This paper estimates the impact of immigration on local house prices in England and Wales. For the 

nation as a whole, we would expect net immigration to increase the overall demand for housing and 

push up house prices particularly when facing an inelastic supply. However, processes of homophily, 

residential sorting in the housing market, and white flight may have a less obvious impact at the “local” 

level, potentially depressing house prices due to changes in the local income distribution and 

neighbourhood population stability. We use data on England and Wales to explore the house price 

effect of immigration when the role of area-level access to employment is considered. We also 

disaggregate the effect by region of origin of migrants. We find that less economically active areas 

tend to be characterised by larger house price reduction as a result of immigration. Also, there is a 

substantial variation in the effects of immigration by region of origin on house prices, with statistically 

significant positive effects from migrants of EU15 and A8 accession countries, and corresponding 

negative effects from migrants of the American Continents excluding North America as well as Africa.   

1. Introduction   

How does immigration impact the housing market? Ostensibly, one might expect immigration to 

increase the demand for housing, leading to price rises particularly in an economy with inelastic 

housing supply (Pryce, 1999; Barker, 2004; Bramley, 2008; Ball, Meen and Nygaard, 2010). While a 

positive house price effect might be expected at the macro level (Saiz, 2007; Sá, 2014), there are 

factors operating at the local level which might mitigate these impacts. The extensive literature on 

“white flight” (Saiz and Wachter, 2011; Sá, 2014), for example, suggests that the influx of an outside 

group into a neighbourhood can cause outflows of indigenous residents. Given that some house 

buyers may place a high value on neighbourhood stability (as it reduces uncertainty about the long 

term characteristics of the neighbourhood and hence the value of their financial investment), the 

increased churn may itself reduce the value of properties.  
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Concerns about the negative impacts of immigration (particularly on house prices, crime, competition 

for jobs, and educational and welfare resources) have become particularly acute during periods of 

increased migration flows. For example, the current Syrian refugee crisis and instability in the 

surrounding regions has dramatically increased the number of refugees and immigrants seeking entry 

into EU countries, heightening political pressures and priorities in recipient countries, including the 

UK. As such, there is a pressing need for robust evidence to help inform policy making and foster 

rational discussion in an increasingly emotive debate.  

Robust econometric estimation of the impact of immigration has mainly focused on labour market 

outcomes. Notable works include Card (2001) for the US, and Dustmann et al. (2013) for the UK. The 

extent to which immigration displaces native workers at the lower end of the wage distribution, and 

has a positive effect on wages of the better-off depends on the degree of complementarity and 

substitutability between immigrant and native workers (Dustmann 2005, 2014; Manacorda 2012). 

Such findings have supported policies that attract highly skilled immigrants (such as the UK’s Highly 

Skilled Migrant Programme (HSMP) launched in 2002, and the “Exceptional Talent Scheme” started in 

2011). However, beyond its effect on the labour market, immigration potentially influences the 

economic life of natives in a variety of ways, including the availability and cost of housing, transport, 

welfare, health services and competition for school places. While these areas are clearly inter-related, 

relatively little robust quantitative work has been conducted that investigates them either separately 

or jointly.  

It is only in the last decade, for example, that we have seen robust empirical estimation of the impact 

on the housing market (Saiz, 2007; Akbari and Aydede, 2012; Gonzalez and Otega, 2013). Housing is 

an important sector in its own right, generating significant employment and trade through 

construction (Akbari and Aydede, 2012) and transactions-related industries (estate agency, surveying, 

conveyancing, and mortgage finance). So the housing impact of immigration is potentially a significant 

component of the overall economic impact of immigration. However, fluctuations in the inflow of 

migrants have raised concerns about increased volatility of demand for residential housing, 

particularly in small economies (Stillman and Maré 2008). There are also concerns arising from the 

fact that particular migrant groups tend to cluster spatially (Meen et al. 2016; Saiz 2006; Munshi 2003). 

So, even in large economies, migrant inflows could potentially have significant collective influence on 

housing submarkets in particular regions (Saiz, 2007, p5). In the UK, the majority of immigrants 

concentrate in London boroughs: for example, in 2015, Harrow, Brent, Newham and Westminster all 

have shares of foreign-born residents over 50%; outside London, local authorities such as Leicester, 

Luton and Slough have shares of immigrants over 30% (Labour Force Survey). Overall, immigration in 
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the UK as a fraction of the working population has risen from 8% in the mid-1990s to 16% in 2015. 

Meanwhile, seasonally adjusted average house prices have increased from £60,000 in 1995 to 

£215,000 in 2015 (Source: Land Registry Data), raising concerns about the impact of immigration on 

housing affordability, such as the claim by the former Home Secretary that “without the demand 

caused by mass immigration, house prices could be ten per cent lower over a twenty year period” 

(May, 2012). However, even if this claim could be substantiated at the macro level, it would bely a 

complex geography of varying house price effects at the local level due to spatial concentrations of 

migration and different rates of spatial clustering across different migrant groups (Meen et al. 2016), 

different socio-economic impacts of different groups, and the different characteristics and dynamics 

of local economies. 

It is these effects that the existing literature has tended to overlook and which the current paper seeks 

to explore. In Section 2 we summarise the main hypotheses for how immigration affects local house 

prices. In Section 3, we review the spatial instrumental variable approach in the immigration literature. 

In Section 4 we set out the specific modelling strategy used in this paper. The data description and 

summary statistics are provided in Section 5 and findings are presented in Section 6. Finally, we 

conclude in Section 7 with a brief summary of our findings and their implications.     

2. Mechanisms for Local House Price Impacts 

 

Several hypotheses have been proposed as to why we might expect local house price impacts to differ 

from the macro consequences of immigration. There could be a tendency, for example, for indigenous 

residents to move out of a neighbourhood in response to an inflow of migrants, i.e. native flight. This 

phenomenon was investigated frequently in the US literature to explain segregation premium (Borjas, 

Freeman and Katz 1997; Card 2001; Borjas, 2003; Saiz 2006). This may be due to “homophily” – a 

preference of residing close to those in the same ethnic group and/or socioeconomic group. Crucially, 

native outflow may alter the overall income distribution of a neighbourhood, thereby affecting house 

prices. For example if the number of natives who leave the area is greater than the number of migrants 

moving in, total income in an area would fall, leading to a reduction in housing demand and house 

prices through an income effect. Even in situations where the number of natives moving out are 

exactly displaced by incoming immigrants, or the number of natives moving out are fewer than the 

number of immigrants moving in, if the new households tend to have lower income (relative to the 

more affluent native households), there could still be a reduction in the overall income in the area, 

leading to a fall in both housing demand and house prices. 
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The size of the “native flight” effect in the UK context very much depends on the spatial scale and the 

study period used. Hatton and Tani (2005), for example, examined the displacement effect of 

immigration in the UK at the government office region level. They found that a net inflow of 10 

immigrants in a region would generate a net population outflow to other regions of around 3.5. Sá 

(2014) examined the same issue by regressing the immigrant population change on the native 

population change, at the local authority level, and found almost a one-for-one displacement. Another 

closely related study by Braakmann (2016) discovered that there is native displacement at local 

authority level even in the “long run”, but the magnitude is much smaller with around 34 natives being 

displaced by every 100 immigrants.  

There are also other potential channels through which immigrants may affect house prices. For 

example, immigration may be associated with a rise in the level of crime in an area (due to, for example, 

increased social tensions arising from social incohesion, contested social boundaries and territoriality: 

see Dean et al. 2016; Legewie and Schaeffer 2016). This in turn may lead to the neighbourhood 

becoming stigmatised, with negative impacts on local house prices. Recent evidence, however, does 

not find empirical support for a relationship between immigration and crime (Jaitman and Machin, 

2013; Bell et al, 2013).  

An alternative mechanism might arise through the impact of immigration on local occupancy rates. 

Recent work by Johnson et al. (2016) explains the paradox of how low income migrants can afford to 

live in high-house price areas such as London by demonstrating a noticeable rise in the number of 

occupants per dwelling. This may lead to greater levels of overcrowding and an influx of landlords with 

less commitment to housing maintenance, resulting in a fall in housing quality, with negative impacts 

on local house prices. Although Sá (2014) found no evidence of a reduction in housing quality at the 

local authority level, there are data issues about how one might reliably measure changes to housing 

quality, and whether the housing quality impacts are at a much more local level than local authorities.  

3. Literature Review 

The standard technique used to estimate the causal impacts of immigration is the spatial variation 

approach which involves using the correlation between changes in immigrant stocks and changes in 

house prices in different geographic areas to infer causation. However, in order to establish causal 

relationships, the model must address a number of important endogeneity issues, including both 

omitted variable bias and reverse causality. The direction of bias arising from these is difficult to 

predict ex ante. For example, consider an area which is going through an economic boom. As a result, 
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the demand for housing rises in that area, which in turn leads to an increase in house prices. At the 

same time, the economic boom also attracts more individuals into the area, including both natives 

and immigrants. The conflation of economic buoyancy and immigration effects would induce a 

positive bias in the OLS immigration coefficient. The bias could also run in the opposite direction, since 

rapid increases in house prices might deter migrants who may choose to settle in places where house 

prices rise more slowly, when controlling for other economic conditions in that area. 

One way to deal with endogeneity is to use an instrumental variable (IV) to predict the endogenous 

variable exogenously. For example, Card (2001) investigated the labour market effects of immigration 

using the shift-share IV approach. Similar approaches are adopted in Saiz (2007), Ottaviano and Peri 

(2007), Stillman and Maré (2008), Degen and Fischer (2010), and Sá (2014). The shift-share IV is the 

most frequently used instrument which is based on the historical settlement patterns of previous 

immigrants. Saiz (2007), for example, used this approach to explore the effect of immigrant inflows 

on housing rents and prices at the US Metropolitan Statistical Area (MSA) level. The rationale behind 

the instrument is based on the idea of homophily—the tendency for immigrants to move to the areas 

where other immigrants of the same nationality had settled previously (Altonji and Card, 1991; Bakens 

and Pryce, 2016). In his model specification, Saiz (2007) instrumented the actual change in the stock 

of immigrants by the predicted change. Sá (2014) also used this approach to explore the house price 

impact of immigration in England and Wales: predicting the immigrant inflows using the settlement 

pattern of earlier migrants. According to Munshi (2003), local networks are very important for those 

immigrants who have just arrived in the destination country, because they facilitate integration and 

they help them find jobs more quickly. Therefore, such measures can help successfully predict the 

endogenous regressor of immigrant inflows. 

In addition to the classic country of origin network instrument, the ‘gateway’ IV has also been used to 

investigate the house price impact. In some situations, certain ethnic groups who arrive may not have 

yet found an established network. Gonzalez and Otega (2013), for example, analysed the impact of 

immigration on the Spanish housing market, and constructed an instrument based on “accessibility of 

each Spanish province from the point of view of each immigrant’s country of origin.” According to the 

specific geographic characteristics of Spain, immigrants enter the country either by land, sea or air, 

and the most common mode of transportation varies by country of origin. For instance, immigrants 

from Morocco are most likely to access Spain through the provinces with ports along the 

Mediterranean coast. In this way, the accessibility to each province by each immigrant group can be 

established to construct the predicted number of immigrants in each province.  
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The findings of the impact studies very much differ depending on the level of disaggregation of 

geographic unit and periodicity of the data used. Usually, using broader regions tends to yield a 

positive relationship between house prices and immigrant inflows. For example, Saiz (2007) examined 

the impact of immigration inflows on housing rents at the level of Metropolitan Statistical Area (MSA) 

in the US. High concentration of immigrants in the US is one of the main reasons to investigate its 

collective effect on rents and house prices. Saiz found that, an immigration inflow equal to 1% of the 

initial metropolitan area population is associated with, roughly, a 1% increase in rents and housing 

values. “Homeowners, [therefore], on average, do benefit from higher housing prices, pointing out a 

small distributive impact in the short and medium run,” (Saiz, 2007, p23). 

Another example of a positive impact is from Stillman and Maré (2008) for the case of New Zealand. 

Unlike the US, New Zealand has very large and volatile migration flows which coincide with large 

increases in house prices and a significant number of returning New Zealanders over the last two 

decades. The fact that these immigrants and returning New Zealanders have higher education levels 

and average income than the general population possibly explains why they may have a higher level 

of housing demand and hence have a broader impact on the housing market. When dividing 

international migration further into two components, namely foreign born immigrants and returning 

New Zealanders previously living abroad, there was no statistically significant relationship found 

between the former and local house prices, but a strong positive relationship between the latter and 

local house prices, with a 1% increase in the population as a result of higher inflows of returning New 

Zealanders being associated with a 6-9% increase in house prices. However, the results are not robust 

across different time periods, suggesting that population growth is not the dominant determinant of 

the house price changes.  

Some studies use smaller spatial units and find a negative impact of immigration on house prices. Saiz 

and Wachter (2011), for example, used census tracts as the geographic unit of analysis instead of 

Metropolitan Statistical Area (MSA) and found that the growth of a neighbourhood’s immigrant share 

was associated with relatively lower housing value appreciation. It was further found that white flight 

is the main reason for the reduction of home values with the key driver of this being preference for 

residing with those from the same ethnic group and similar socioeconomic status.  

Sá’s (2014) findings on the immigration impact on house prices in the UK at local authority level are 

also consistent with past research. In particular, an immigrant inflow equal to 1% of the local initial 

population led to around a 1.7% reduction in average house prices in an area. The channels through 
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which immigration may affect local house prices are broadly consistent with what has been found in 

Saiz and Wachter (2011)1.  

1. A table summarising the relevant spatial studies is presented in Appendix A.  

4. Modelling Strategy 

 

To examine the local house price effect of immigration, empirical studies often follow a spatial panel 

approach (see, for example, Card, 2001, and Sá, 2014), which involves a first differenced 2SLS 

specification with a settlement pattern instrumental variable to exogenously predict the immigration 

variable. In this paper, this model is developed under a panel data framework with 170 local authority 

level observations spanning 8 years from 2003 to 2010. Wee contribute to the existing literature by 

exploring further the role of access to employment in a region as well as the effect of migrants’ region 

of origin on the house price effect of immigration. Therefore, the spatial panel model is extended to 

incorporate these two additional elements. We now discuss these two extensions in turn. Firstly, we 

hypothesise that access to employment plays an important role in attracting migrants to an area as 

well as influencing the natives’ mobility response. Specifically, we divide the set of local authorities 

(the spatial unit used in this study) according to their level of ‘employment accessibility’, which is 

captured by the job density of that area. We attempt to detect if there is any difference in the house 

price effects of immigration between the high job density areas and the low job density areas as 

follows: 

∆ ln(𝑃𝑖𝑞𝑡) = 𝛽
∆𝐼𝑚𝑚𝑖𝑞𝑡

𝑃𝑜𝑝𝑖𝑞𝑡−1
+ 𝛾𝑋𝑖𝑞𝑡−1 + 𝜙𝑞𝑡 + (𝜌𝑖) + ∆𝜀𝑖𝑞𝑡            (1)   

𝑤ℎ𝑒𝑟𝑒 𝑖 ∈ {𝐿𝑜𝑐𝑎𝑙 𝐴𝑢𝑡ℎ𝑜𝑟𝑖𝑡𝑖𝑒𝑠: 1, … ,170 }, 𝑞 ∈ {𝐸𝑐𝑜𝑛𝑜𝑚𝑖𝑐 𝐴𝑐𝑡𝑖𝑣𝑖𝑡𝑦 𝐼𝑛𝑑𝑒𝑥: 1,2}, 𝑡 ∈ {𝑌𝑒𝑎𝑟𝑠: 2003, … ,2010}  

The model specifies the change in the log of the house price index (∆ ln(𝑃𝑖𝑞𝑡)) as a function of the 

change in the stock of immigrants as a percentage of the local initial population (
∆𝐼𝑚𝑚𝑖𝑞𝑡

𝑃𝑜𝑝𝑖𝑞𝑡−1
), and various 

other socioeconomic controls, represented by Xiqt-1. These include: the local unemployment rate, to 

control for local macroeconomic conditions; the share of the local population claiming state benefits, 

the crime rate which may affect housing demand; the number of dwellings divided by the local 

population, to capture the level of local housing supply and an index capturing the average quality of 

housing in each local authority. The controls are lagged by one year to reduce the potential 

endogeneity between the controls and immigration. For example, the incoming immigrants this year 

may alter the current level of the unemployment rate if some of these immigrants are unemployed. 
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The subscript q indicates whether the local authority is a high job density area or a low job density 

area. The model also incorporates time effects (𝜙𝑡) to capture the national trends in inflation and 

other economic variables.  

Secondly, we examine the different impacts by region of origin of migrants. Migrants’ countries of 

origins are divided into 10 regions including: the A8 Accession countries, the EU15 countries, the 

remainder of European countries, Antarctica and Oceania, India and Indian Subcontinent countries, 

the Middle Eastern countries, the remainder of Asia, Africa, and Americas and Caribbean. We aim to 

explore whether there is any variation in the house price effect of migrants from different country 

groups. This aspect has been overlooked in the existing studies but it is potentially important in the 

debate around whether to impose selected restrictions on migrants from different regions. The 

modelling approach is as follows: 

∆ ln(𝑃𝑖𝑝𝑡) = 𝛽
∆𝐼𝑚𝑚𝑖𝑝𝑡

𝑃𝑜𝑝𝑖𝑝𝑡−1
+ 𝛾𝑋𝑖𝑝𝑡−1 + 𝜙𝑝𝑡 + (𝜌𝑖) + ∆𝜀𝑖𝑝𝑡            (2)   

𝑤ℎ𝑒𝑟𝑒 𝑖 ∈ {𝐿𝑜𝑐𝑎𝑙 𝐴𝑢𝑡ℎ𝑜𝑟𝑖𝑡𝑖𝑒𝑠: 1, … ,170}, 𝑝 ∈ {𝑅𝑒𝑔𝑖𝑜𝑛 𝑜𝑓 𝑂𝑟𝑖𝑔𝑖𝑛𝑠: 1, … ,10}, 𝑡 ∈ {𝑌𝑒𝑎𝑟𝑠: 2003, … ,2010} 

 

The model specification (2) is similar to (1) and we run separate regression for each region of origin 

group which is labelled by p in equation (2).  

 

The Construction of the Shift-Share Instrumental Variable  

The instrument is formulated based on the past settlement patterns of different immigrant groups in 

each local authority. It is the dominant methodology in the economic literature on immigration 

impacts; notable works include Card (2001) and Saiz (2007). Bartel (1989) has argued that immigrants 

in the US tend to settle in areas where immigrant settlement is already strong. Immigrant networks 

are an important determinant of locational choices of new immigrants as they facilitate job search 

process and assimilation into a new culture (Munshi, 2003).  

Specifically, the IV is defined as: 

∑ 𝜆𝑐𝑖𝑡0
Δ𝐼𝑚𝑚𝑖𝑡𝑐

𝑃𝑜𝑝𝑖𝑡−1
 

where 𝜆𝑐𝑖𝑡0
 is the share of individuals born in foreign region c who settle in local authority i in base 

year t0; this provides the relative size of the network in each local authority from each ethnic group c 

with respect to the country as a whole. Δ𝐹𝐵𝑖𝑡 is the change in the stock of immigrants from ethnic 

group c in the UK as a whole in year t. Therefore, 𝜆𝑐𝑖𝑡0
Δ𝐼𝑚𝑚𝑖𝑡 is the predicted change in the 

stock of immigrants from ethnic group c in year t that choose to live in local authority i. Summing 
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across all ethnic groups would yield a measure of the expected change in the total stock of immigrants 

in local authority i in year t. Specifically, 9 foreign regions are considered: Americas and Caribbean, 

Africa, India, Republic of Ireland, Other Middle East and Indian Sub-Continent, Asia, Antarctica and 

Oceania, Europe and other countries.  

As mentioned above, for the instrument to be valid, it has to satisfy several identifying assumptions. 

Firstly, the instrument should be uncorrelated with the error term in the model. After first differencing, 

the error term only includes the time effect (𝜙𝑡) and the random error (𝜀𝑖𝑡). The base year share, 

which captures the historical settlement pattern of immigrants, should be uncorrelated with the 

current economic performance of each individual geographic area as well as the current level of 

national economic trends. This is a reasonable assumption provided that the base year chosen is 

sufficiently “historical” as some shocks can be fairly persistent. Similarly, the annual change in the 

national stock of immigrants should also be exogenous to these two terms. This is also a reasonable 

assumption as the total number of immigrants legally allowed in the UK is subject to immigration 

controls, despite the fact that there is a tendency for immigrants to come to the UK when the UK 

economic conditions improve. Secondly, the predicted change in the immigrant share should not have 

a direct effect on house price changes. It can only affect the dependent variable through the actual 

change in the stocks of immigrants (i.e. the exclusion restriction). Although this is not directly testable, 

it is regarded as a sensible assumption as the base year is set to be 2001, which is 2 years before the 

start period of the analysis - 2003; therefore it is unlikely to influence current house price changes 

from 2003 onwards. 

5. Data and Descriptive Statistics  

 

We draw on a variety of data sources to estimate our model. The immigrant and native population 

information are obtained using a special licence version of the UK Quarterly Labour Force Survey 

(QLFS). The QLFS is a household survey which provides a unique source of information on employment, 

unemployment, occupation, training and other personal characteristics. Since 1992, it has been 

carried out as a rotating quarterly panel. Each household in the survey is interviewed for five 

consecutive quarters and for every quarter, 20% of the sample is replaced by new households. The 

analysis focuses on yearly variation: therefore all quarters of each year are pooled together. Summary 

statistics for the variables used in the empirical analysis are presented in Table 2: 

House prices data at local authority level are from the Land Registry. The data include information on 

all residential property sales in England and Wales that were sold for full market value since January 
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1995, whether with cash or with a mortgage. Throughout the sample period, i.e. from 1995 to the 

present day, there are already over 18.5 million sales recorded. From these sales data, an index is 

constructed using repeated sales regression. This index is seasonally adjusted and also corrects for 

changes in the quality of housing.  

Local authority level job density is collected from NOMIS which provides the official labour market 

statistics. The measure is calculated by dividing the total number of jobs by the working age population 

in each local authority in each year from 2003 to 2010. The density is further averaged across years to 

arrive at a single figure for each local authority. 

In addition, we include a range of socio-economic controls: the unemployment rate, the benefit rate, 

the crime rate, the dwelling stock relative to the population size and an index of housing quality.  

The unemployment rate controls for the local macroeconomic conditions and it is derived from the 

Quarterly Labour Force Survey. The unemployment rate is the share of the unemployed (using the ILO 

definition) as a percentage of the total economically active working age population.  

The benefit rate, which is also provided by NOMIS, is the share of the local population claiming state 

benefits. The benefit rate is derived by dividing the number of claimants receiving any type of state 

benefit by the resident population aged 16-64 in each local authority. The state benefits include: carers 

allowance, disability living allowance, incapacity benefit, income support, pension credit, job seekers 

allowance, severe disablement allowance and widows benefits.  

The crime rate is the total number of offences per 1000 population; this variable is used as a control 

because it may affect the local housing demand. The crime data come from the Home Office and the 

population data come from the ONS. 

The dwelling stock over the population is used to capture local housing supply. The data for the 

dwelling stock in England are provided by the Department for Communities and Local Government. 

The dwelling stock estimates for Welsh local authorities are provided by StatsWales.  

The housing quality index ranges from 0 (indicating the lowest quality) to 9 (indicating the highest 

quality). It is constructed by adding up 9 indicator variables for housing quality attributes, including 

shortage of space, street noise, noise from neighbours, light, heating, dampness, condensation, leaky 

roofs as well as rot in windows/floors/doors. These indicator variables come from the British 

Household Panel Survey (BHPS) which runs from 1991 to 2009. 

Table 2: Descriptive Statistics 
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6. Results  

 

The Role of ‘Employment Accessibility’ 

Suburbanisation theory suggests that there may be native exodus to the suburban areas from the 

central areas, not just driven by their preference towards a particular social/ethnic mix, but also by 

their preference towards lower density living (Baum and Snow, 2007; Bajari and Kahn, 2005). The 

economic performance of the area may play an important role in determining the strength of various 

preferences of local people. Perhaps, in high job density areas, a preference for a certain social/ethnic 

mix is less important because the residents’ primary motivation for living there is to obtain access to 

employment. However, the income gap between natives and immigrants in these areas could be larger: 

hence, one may still observe out-migration behaviour of natives in search of more space, but not 

necessarily in response to immigration. On the other hand, low job density areas (i.e. less economically 

active ones) may attract occupants who place less weight on the need for access to employment and 

more emphasis on the physical and social characteristics of the neighbourhood itself. As such, 

residents in low job density areas may place a higher premium on the stability of neighbourhood mix. 

If neighbourhood composition changes significantly through immigration, the instability may itself 

make the area less attractive to traditional residents, leading to a reduction in property values. 

Ultimately, the question we would like to ask here is whether there would be a difference between 

these two types of areas—low and high job density—in terms of the house price impact of immigration.  

In order to test this potential difference, we use employment density to classify the set of local 

authorities into two groups: the high job density areas and the low job density areas. In addition, it is 

worth noting that the measure is captured on a relative basis, i.e. local authorities are compared 

within the same government office region and subsequently divided into the upper quartile and the 

Variable Observations Mean SD Min Max 

∆log house price index 1190 0.035 0.089 -0.176 0.338 

∆𝐼𝑚𝑚𝑖𝑡 𝑃𝑜𝑝𝑖𝑡−1⁄  1190 0.001 0.037 -0.257 0.195 

∆𝑁𝑖𝑡 𝑃𝑜𝑝𝑖𝑡−1⁄  1190 -0.022 0.080 -0.264 0.536 

Lagged unemployment rate 1190 0.059 0.025 0.000 0.176 

∆𝐷𝑤𝑒𝑙𝑙𝑖𝑛𝑔𝑠𝑡𝑜𝑐𝑘𝑖𝑡 𝑜𝑛𝑠𝑝𝑜𝑝𝑖𝑡−1⁄  1190 0.004 0.002 -0.008 0.015 

Lagged benefits rate 1190 0.149 0.048 0.049 0.309 

Lagged crime rate 1190 105.59 39.546 40.755 408.281 

Lagged  housing quality index 1168 8.131 0.543 4 9 

Employment density 170 0.507 0.224 0.294 2.847 
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lower quartile. Two models are used to examine this issue: the OLS specification and the IV 

specification based on the historical settlement pattern of country of origin groups. The results are 

presented in Table 3.  

An additional point to note is that the process of gentrification could exacerbate the effects as the 

inflow of affluent households catalyses renovation of houses, boosting housing values and further 

displacing low income families, which may include immigrants. If this is the case, both natives and 

immigrants could move from highly employment accessible areas to areas that are less so, for different 

reasons. However, the effect may not be particularly strong in our model, for two reasons. Firstly, 

gentrification is more likely to take place at neighbourhood or town/city level since it is unlikely to be 

a local authority wide mass revamping of houses or housing developments. Since we do not look at 

within local authority population movement and house price changes, this factor cannot be 

disentangled from other effects. Secondly, reverse causality is controlled in the first differenced IV 

model. Any impact of house prices on the level of immigration should not be found in these models. 

 

Table 3: Impact of Immigration on House Prices for Areas w.r.t. Employment Density 

 Low Job Density Areas High Job Density Areas 

 OLS IV OLS IV 

∆𝐼𝑚𝑚𝑖𝑡 𝑃𝑜𝑝𝑖𝑡−1⁄  -0.076 -0.124* -0.095* -0.076 

 (0.058) (0.074) (0.056) (0.056) 

First Stage Coefficient for IV  0.757***  0.921*** 

  (0.145)  (0.109) 

First Stage F-Statistics   6.70  77.50 

Observations 618 618 550 550 

R_Squared 0.865 0.865 0.838 0.838 
IV is the instrumental variable based on the historical settlement pattern of different country of origin groups. Both models cluster standard 
errors at local authority level and they are included in the parentheses. Statistical significance is represented by star symbols where * 

indicates p < 0.1, ** indicates p < 0.05, *** indicates p < 0.01. 

 

Both models give negative coefficients for the immigration impact on local house prices in both types 

of areas. However, in the OLS (First Difference) specification, the reduction in house prices is not 

statistically significant in low job density areas; however a small but statistically significant negative 

effect is found in high job density areas; specifically, an increase in the stock of immigrants equal to 

1% of the local population is associated with a 0.08% reduction in house prices.  

The IV specification revealed negative impacts on house prices in low job density areas, but no 

significant effect on house prices in high job density areas. The effect for the former is around a 0.12% 

reduction in house prices. This may explain Sá’s findings (2014) of no effect for London boroughs but 
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significant negative effects (approximately a 3.04% reduction in house prices) for non-London local 

authorities. As Sá’s settlement pattern IV failed to predict the immigrant inflows for London Boroughs, 

her reason for not finding any effect is that, transport networks and other public facilities in these 

places are more comprehensive so that local networks are less important. Residential locations of 

immigrants in these local authorities therefore do not exhibit the feature of clustering. However, in 

our case, the IV did, on average, predict the actual level of immigrant inflows in both high and low job 

density areas, as indicated by the statistically significant first stage coefficients. This may suggest that 

employment density could also be playing a role in the difference in the house price impact of 

immigration between London boroughs and non-London local authorities. 

Impact of Immigration on local House Prices disaggregated by Region of Origin 

We now turn to the second key contribution of this paper and explore the impact of inflow from each 

individual country group on local house prices. The classification of these groups is based on each 

person’s country of birth. Specifically, 10 groups are identified including: the A8 Accession countries 

which are allowed to enter the UK and to participate in the UK labour market freely since 2004; EU15 

countries, the remainder of European countries, Antarctica and Oceania, India and Indian 

Subcontinent countries, the Middle Eastern countries, the remainder of Asia, Africa, and Americas and 

Caribbean.    

 

Table 4: Socioeconomic Profiles for Various Region Groups in 2015 

  % Population  in  

Managerial 

Position 

 

% Population 

in  Routine 

Position 

 

Unemployment Rate 

(%) 

Native Overall 35.5 19.9 5.0 

Immigrant Overall 30.1 24.7 6.2 

Antarctica and Oceania 59.8 10.1 4.2 

Europe    

EU15 43.7 18.0 5.4 

A8 Accession Countries 13.4 48.7 3.9 

Rest of Europe 28.2 23.7 6.7 

Asia    

India 36.6 22.7 5.3 

Indian Sub-Continent and 

Other Middle East 18.0 20.8 8.2 

Rest of Asia 31.0 19.0 5.0 

Americas and Caribbean    

North America 43.1 15.7 6.7 

Rest of America 41.3 20.3 7.9 
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Africa 32.8 21.0 8.7 

Source: Quarterly Labour Force Survey 

 

Table 4 displays the socioeconomic profile for each region group in 2015. In particular, countries from 

the region of Antarctica and Oceania have the highest share in managerial positions and the lowest 

share in routine positions. For the European countries, the highest share within the managerial 

professions comes from the EU15 member countries prior to 2001, the lowest comes from the A8 and 

the rest of Europe is on par with the immigrant average. The A8 has the highest percentage in routine 

jobs. For Asian countries, India has the highest share in both managerial and routine occupations 

whereas countries from the Indian Sub-Continent and Other Middle East have the lowest share in 

managerial positions. While there is not much of a divide between the north and south part of the 

American continent, North America has a slightly higher share in managerial professions when 

compared to the rest of America. Africa is broadly on par with the immigrant average apart from its 

2% point higher unemployment rate. Also countries from the Indian Sub-Continent and Other Middle 

East and Africa have the highest two unemployment rates.  

With regard to house prices, we extend the previous IV estimation strategy to examine the differential 

impact of immigration by migrant region of origin for the study period between 2003 and 2010. The 

instrumental variable is again based on the historical settlement pattern of each region group. 

The results focusing on the models exploring the effect of immigration by country of origin on house 

prices are presented in Table 5. Turning firstly to the first stage results; it seems that the settlement 

pattern IV specification works less well when immigrants are disaggregated by different country 

groups. In particular, migrants from Oceania and North America have negative but insignificant first 

stage coefficients, which may suggest that they do not exhibit as strong residential clustering as other 

region groups. This may reflect the fact that both regions contain former commonwealth countries 

and the lack of language barriers could be helpful for better integration. On the other hand, the rest 

of Europe has a positive but insignificant first stage coefficient, which could simply be a result of a less 

socially/ethnically homogenous region. Therefore, the clustering feature is less salient. For the 

remaining regions of origin, the results tend to show some degree of clustering since past settlement 

patterns more or less partially predict the settlement of new immigrant arrivals.  
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Table 5: Impact of Immigration on local House Prices disaggregated by Region of Groups (2003-2010) 

Dep Var: ∆ln (𝐻𝑃𝑖𝑡)  Oceania Asia Europe America and 

Caribbean 

Africa 

  India Indian Sub-Continent 

and Other Middle East 

Rest of 

Asia 

EU15 A8 Rest of 

Europe 

North 

America 

Rest of 

America 

 

∆𝐼𝑚𝑚𝑖𝑡 𝑃𝑜𝑝𝑖𝑡−1⁄  7.739 -1.125 -0.231 1.166 2.821** 5.525* -4.935* 7.171 -8.934*** -0.990*** 

 (6.757) (0.754) (0.190) (0.749) (1.312) (2.922) (2.725) (4.913) (3.132) (0.283) 

Socioeconomic controls 

included 

Yes Yes Yes Yes  Yes Yes  Yes Yes 

First Stage Coefficient -1.041 0.431** 0.806*** 0.807** 1.822** 0.442** 0.399 -0.793 1.055*** 0.633*** 

 (0.836) (0.214) (0.300) (0.357) (0.711) (0.205) (0.276) (0.621) (0.285) (0.227) 

First Stage F-Statistics 3.12 6.03 10.30 15.23 16.98 3.16 5.88 24.90 2.93 5.39 

Observations 1168 1168 1168 1168 1168 1168 1168 1168 1168 1168 

R_squared 0.634 0.824 0.835 0.819 0.712 0.511 0.656 0.593 0.560 0.822 
           
The base year share used in the disaggregation by country groups is calculated from the Labour Force Survey data in 2002 where the country of birth variable is more finely categorised than the 2001 Census data.  

Standard errors in parentheses * significant at 10%, ** significant at 5%, *** significant at 1%; ∆ indicates first difference. Both local authority and year fixed effects are included in the models. Robust standard errors are 

clustered at local authority level. ∆ indicates first difference.   
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Examining the house price effects of different region of origin groups, the second stage coefficient 

results are not statistically significantly different from zero for migrants from Oceania, Asia and North 

America. There is a negative impact on house price appreciation as a result of immigrants from the 

rest of Europe, the rest of America and Africa ranging from a 0.1 to 5.0% reduction in house prices. 

Two regions of origin show significant positive effects: EU15 and A8 countries with effects of around 

a 2.8 to 5.5% increase in house prices. However, one should interpret these results with caution, due 

to low numbers in each country group observed at local authority level; the first stage F-Statistics are 

small with some not passing the Stock Yogo Test. It should also be noted that the findings should not 

be solely interpreted as a result of native preference towards particular region groups, and future 

research needs to be done to unravel the social and economic processes behind these results.  

7. Conclusion 

 

In conclusion, we find that more pronounced negative house price effects tend to be found in low job 

density (i.e. less economically active) areas. In particular, a 1% increase in the stock of immigration as 

a share of initial local population led to a 0.12% decrease in house prices in low job density areas, an 

effect which is statistically significant at the 10% level, while in high job density areas the effect is 

negative but not statistically significant. This may suggest that high job density areas are comprised of 

households who place greater priority on proximity to employment rather than neighbourhood mix.  

When disaggregating the immigrant group into their regions of origin, the results are mixed. There is 

a positive effect on house prices from country groups such as Antarctica and Oceania, the Rest of Asia 

with the majority of migrants coming from the Far East and the South East Asia, the EU15, the A8 and 

the North America. A negative impact on house price appreciation is found in areas with a higher level 

of migrants from the rest of Europe, the rest of America and Africa. However, one should treat these 

results with caution. Due to low number of observations for each group after disaggregation, most of 

the first stage F-statistics fail to pass the Stock-Yogo test; this suggests that the instrumental variables 

are weak. Also, not all regional groups have IVs that predict successfully the actual level of new 

immigrant settlement (e.g. Oceania and North America).  

Avenues for future research include using alternative datasets with smaller aerial units and larger 

samples, and applying quasi-experimental approaches to help validate the causal processes explored 

here.  
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8.  Appendix 

 

 Appendix A – Summary Table for related IV Studies 

 In the past, researchers have performed similar spatial studies in various countries; however, one 

should take caution against making comparisons of these findings due to the usage of different 

spatial scales, study period spans, and model specifications. These details are summarised in Table 

1:  

Appendix: Summary of related IV studies across Countries 

Source Country  Geographic 

Disaggregation 

Period of 

Analysis 

% change in house 

prices led by 

immigration inflow 

equal to 1% of local 

population 

Saiz (2007) US Metropolitan 

Statistical Area 

(MSA level) 

1983-1987 

(annual data) 

+1% 

Gonzalez and 

Otega (2013) 

Spain Spanish Province 2000-2010 

(annual data) 

+2% 

Degen and 

Fischer (2010) 

Switzerland  Swiss districts 2001-2006 

(annual data) 

+2.7% 

Stillman and 

Maré (2008) 

New 

Zealand  

Labour Market 

Areas (derived from 

Travel to Work areas 

from NZ Census) 

1986-2006 

(every five 

years, based on 

NZ census) 

Very small effect 

Akbari and 

Aydede (2012) 

Canada Census division 1996 -2006 

(every 5 years, 

based on 

Canadian 

census) 

Very small effect 

Saiz and 

Wachter  

(2011) 

US Census tract  1980-2010 

(every decade, 

based on US 

census) 

-0.2% (lower bound) 

Sá (2014) UK Local authority 2003-2010 

(annual data) 

-1.7% 

 


